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Abstract  
This youth-led study examines how Artificial Intelligence (AI) advances and threatens progress 
toward the United Nations Sustainable Development Goals (SDGs). Drawing on a series of 
“Conversation Circles” with youth leaders, subject matter experts, and civil society actors — 
supplemented by thematic analysis and desk research — the study synthesizes insights across 
multiple SDG domains.  

Eight cross-cutting themes emerged: four highlight AI’s potential to accelerate sustainable 
development (process efficiency, access to health and education, environmental resilience, and 
governance innovation), while four underscore risks (bias and discrimination, labor 
displacement, environmental costs, and data colonialism). Real-world examples illustrate both 
sides, from predictive analytics improving crop yields and smart grids, to algorithmic bias 
reinforcing inequities and data extraction deepening global divides. 

The paper contributes a systems-level perspective rooted in youth voices often absent from 
policy discourse. It demonstrates how AI can simultaneously bridge and widen the global 
development gap, depending on how technologies are designed, deployed, and governed. By 
situating lived experience alongside global data, the paper underscores the urgent need for 
ethical, inclusive, and sustainable approaches to AI. It calls on policymakers, industry, and civil 
society to ensure AI becomes a driver of equity and resilience rather than exclusion and harm. 

 

Introduction  
Artificial Intelligence is reshaping the world faster than institutions can regulate, societies can 
adapt, or individuals can understand. Its reach extends far beyond the tech industry: AI now 
influences how food is grown, how medicine is delivered, how education is accessed, and how 
justice is served. As the 2030 Agenda for Sustainable Development enters its final five years, the 
role of AI in advancing or obstructing progress toward the Sustainable Development Goals 
(SDGs) demands urgent attention. 

According to the UN Sustainable Development Goals Report 2025, only 15% of SDG targets are 
currently on track, with nearly half either moderately or severely off-track. Mounting global 
crises including conflict, climate change, economic inequality are not only slowing progress but 
in many cases reversing it. Among the key levers for acceleration is technology, which holds 
potential to both empower and exclude. The widening digital divide and data inequities, 
especially across the Global South, threaten to leave entire populations behind. 
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This study emerges from this urgency. It offers a comprehensive, youth-led analysis of how AI 
intersects with global development efforts, aiming to fill a gap in mainstream policy discourse: 
the voices of young people, those most impacted by long-term technological shifts, are often the 
least represented in shaping them.   

On one side, AI offers transformative tools to tackle entrenched global challenges: optimizing 
food systems, expanding healthcare access, enhancing disaster prediction, and streamlining 
governance. On the other, AI threatens to widen inequality, displace workers, undermine 
democratic norms, and deepen environmental harm. This paper does not romanticize nor vilify 
AI. Instead, it critically examines the opportunities and risks it presents for achieving a more 
equitable, sustainable world. 

The insights presented here are intended for a broad audience: policymakers, technologists, 
multilateral institutions, youth organizations, and civil society actors working at the intersection 
of innovation and impact. It speaks to those designing AI systems, those affected by them, and 
those responsible for ensuring they align with the SDGs. 

It is important that we examine AI not as a technical marvel, but as a force that must be directed 
with intentionality, ethics, and inclusivity. The pages that follow explore eight urgent themes 
where AI’s impact on people and planet is already being felt.  

 

Methodology   
This study is the product of a 20-week research initiative grounded in inclusive, dialogue-based, 
and community-driven methodology. It was led by youth members of the United Nations 
Association of the United States of America (UNA-USA), a program of the United Nations 
Foundation. Our primary method for qualitative data gathering was a series of "Conversation 
Circles," a technique rooted in the principles of restorative practice and culturally responsive 
inquiry. By employing this methodology, we aimed not only to gather high-quality data but to do 
so in a collaborative environment that reflects the inclusive spirit of the SDGs themselves. 

Participation 

Between March and June 2025, fourteen virtual “Conversation Circles” were organized, each 
dedicated to one or more SDGs. These sessions created non-hierarchical spaces for exchange 
among youth leaders, subject matter experts, and civil society representatives. Rather than 
structured interviews, the circles emphasized collaborative dialogue, enabling participants to 
share lived experiences and professional insights. A detailed breakdown of the sessions is 
included in Annex C.  
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Each circle drew on a mix of stakeholders, including academics, industry professionals, 
grassroots organizers, and youth innovators. Subject matter experts contributed technical 
knowledge, while youth participants brought forward community-based perspectives on how AI 
intersects with development. This design allowed for cross-pollination of insights across 
geographies and sectors. 

Documentation and Analysis 

Facilitators compiled session summaries capturing key insights, case studies, and tensions raised 
in the discussions. These documents formed the primary dataset for analysis. Using qualitative 
thematic coding, the research team identified recurring dynamics — such as predictive analytics, 
algorithmic bias, environmental costs, and governance challenges — that appeared across 
multiple SDGs. This process moved the analysis beyond a goal-by-goal account toward a 
systems-level view of AI’s impact. 

Following the dialogue series, the team conducted a targeted literature review to contextualize 
and validate the findings. Sources included United Nations reports, World Bank analyses, and 
peer-reviewed academic studies. Incorporating both community-driven insights and institutional 
data strengthened the reliability of the final synthesis. 

Thematic Consolidation  

While the circles were initially organized SDG by SDG, the analysis revealed that AI’s influence 
does not respect such boundaries. To better reflect systemic patterns, the research was 
reorganized into eight cross-cutting themes — four highlighting opportunities and four 
underscoring risks. This structure avoids redundancy and clarifies how AI simultaneously 
enables and threatens progress across multiple goals. 

By combining youth-centered dialogue, expert perspectives, and secondary research, this 
methodology provides a balanced and inclusive foundation for examining AI’s implications for 
sustainable development. Additional detail on session design, participation, and contributor lists 
is available in the annexes. 
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AI for Process Efficiency & Predictive Analytics   
SDGs Impacted: 2, 3, 6, 7, 9, 11  

 

Smart Agriculture & Food Security  

AI has become a transformative tool for optimizing food production and resource use. Precision 
agriculture leverages machine learning and big data to determine optimal planting times, crop 
types, and irrigation schedules based on historical yield patterns, soil health, and climate 
conditions. Farmers can use mobile or edge-computing AI tools to monitor crop diseases and 
receive real-time advice through chatbot assistants in local languages. 

This not only increases yield and efficiency but empowers smallholder farmers by reducing 
reliance on expensive external consulting or machinery. In regions where traditional agricultural 
extension services are limited, AI-driven advisory platforms serve as an accessible and scalable 
alternative. These innovations strengthen global food security and climate resilience while 
directly supporting SDG 2 and SDG 13. 

Water Security and Distribution  

Water systems also benefit from AI’s predictive power. Satellite imagery, in-situ sensors, and 
drones feed real-time data into AI models that monitor water quality, detect contamination, and 
forecast demand. These systems enable precise management of water infrastructure that is 
critical in both drought-prone and flood-vulnerable regions. 

In India, for example, machine learning models achieved 98.93% accuracy in predicting water 
potability, using basic water quality parameters such as pH and dissolved solids, without 
requiring expensive laboratory testing infrastructure. In Africa, open-access AI models are being 
used in countries like Kenya and South Africa to map flood-prone zones and assess water 
insecurity risks using satellite-based rainfall data, enabling community organizations and 
governments to take targeted action in low-data environments. In rural and underserved areas, 
mobile platforms supported by AI help identify water-scarce communities and optimize delivery 
routes for clean water access. 
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Energy Grid Optimization and Forecasting  

AI technologies are driving forward more intelligent and resilient energy systems. Through 
machine learning algorithms, energy providers can forecast peak loads, optimize fuel switching 
in hybrid systems, and manage the performance of microgrids in remote or off-grid communities. 

The BiLSTM-AM model achieved a remarkable 96.68% accuracy rate in forecasting energy 
demand,  a significant improvement over traditional models like Recurrent Neural Networks 
(69.94%). This higher precision allows for more efficient energy scheduling, reducing grid strain 
and minimizing blackouts, especially in underserved and remote regions. 

These improvements are crucial for increasing energy access in the Global South, particularly for 
communities dependent on intermittent renewable sources like solar and wind. Microgrids 
managed by AI reduce system-wide vulnerabilities and improve the long-term sustainability of 
electrification initiatives. 

Infrastructure and Industrial Modernization  

AI facilitates predictive maintenance and operational optimization across industrial sectors. In 
manufacturing, anomaly detection models reduce downtime and improve worker safety. AI is 
used to optimize supply chains by analyzing demand fluctuations and minimizing inventory 
waste. Research indicates that AI-enabled smart manufacturing enhances sustainability by 
increasing efficiency, reducing defects, and aiding waste reduction efforts, particularly within 
sectors such as automotive manufacturing. 

AI also strengthens infrastructure by supporting cybersecurity monitoring in utilities and 
industrial networks. Developing countries can leapfrog traditional industrial constraints by 
adopting scalable AI-based infrastructure, creating opportunities for inclusive industrialization in 
line with SDG 9. 

Urban Resilience and Smart City Planning  

In the urban domain, AI supports smarter and more sustainable city design. Algorithms are used 
to model traffic flows, optimize waste collection routes, and guide green infrastructure 
investments. For example, AI tools can assess soil, climate, and biodiversity conditions to 
recommend optimal locations, native species, and planting methods for urban tree and vegetation 
projects, reducing heat islands, improving survivorship rates, and enhancing overall urban 
biodiversity. 

Computer vision systems using high-resolution satellite imagery, local census data, and utility 
records are being used by planners as an early-warning system for informal-settlement growth. 
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Cities in the Global South, where municipal data is often scarce or outdated, are turning to 
satellite-based AI platforms to simulate policy outcomes and test long-term resilience strategies. 

 

AI for Bridging Access Gaps 
SDGs Impacted: 3, 4, 9, 10 

 

Equitable Access to Healthcare  

AI is reshaping global healthcare by offering preventative, diagnostic, and management tools that 
function even in low-resource environments. AI-powered diagnostic software can rapidly 
analyze patient data to identify early signs of disease, which is especially valuable in rural or 
underserved regions where medical professionals are scarce. Deep learning models trained on 
radiological images have demonstrated accuracy comparable to expert radiologists in detecting 
diseases like diabetic retinopathy and pneumonia. These tools not only flag high-risk patients but 
also empower community health workers to deliver accurate assessments with minimal training. 

However, the promise of AI will only be realized through infrastructure investment. According 
to the Brookings Institution and UNDP, many low-income regions lack the electricity, broadband 
access, and digital literacy required to adopt these technologies. Without targeted 
capacity-building and infrastructure expansion, such regions risk falling further behind, 
exacerbating global health disparities. Equitable AI rollout requires inclusive policies that fund 
internet expansion, training for local medical professionals, and subsidies for medical AI tools. 

Adaptive Learning and Personalized Education  

In the educational sector, AI serves as a powerful equalizer, transforming learning into a 
dynamic, personalized experience. Adaptive AI systems adjust to a student’s learning style, pace, 
and gaps in knowledge. For children in under-resourced schools or areas where teacher-student 
ratios are poor, this kind of individualized support can make a profound difference. AI tutors, 
multilingual translation tools, and real-time feedback systems reduce reliance on static curricula 
and can supplement teacher shortages. 

The importance of this technology was underscored during the COVID-19 pandemic, which 
widened existing educational inequalities. Over 244 million children were out of school as of 
2022, and more than half of children in low- and middle-income countries couldn’t read a simple 
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sentence by age 10. AI platforms that work offline or on low-bandwidth networks are key to 
reaching disconnected populations and building educational resilience. 

Linguistic Inclusion and Cultural Access  

One of AI's most overlooked superpowers is its ability to close linguistic gaps. With over 7,000 
languages spoken globally, education, healthcare, and policy systems are often inaccessible to 
those outside the linguistic mainstream. AI tools such as DeepL, Google Translate, and emerging 
subtitle engines make it possible to deliver real-time translation and culturally contextualized 
education to indigenous and underrepresented language communities. 

AI not only enhances access but preserves dignity: modern translation systems are increasingly 
sensitive to regional dialects and cultural cues. By incorporating these features, AI can help 
non-dominant language speakers participate fully in global education, policymaking, and digital 
workspaces to align strongly with SDG 10’s mission to promote social, economic, and political 
inclusion for all. 

Economic Inclusion and Global Youth Collaboration  

Digital AI platforms are also transforming how youth connect, collaborate, and generate 
solutions globally. Real-time project tools such as Miro and Taskade, combined with AI’s ability 
to translate languages and optimize workflows, are fostering international youth-led innovation 
regardless of geography. These tools level the playing field for students and young entrepreneurs 
from rural and low-income backgrounds, enabling them to join global conversations and market 
their ideas on the world stage. 

Investment in AI-powered collaboration is more than a matter of convenience; it is a vehicle for 
global equality. AI applications must be designed with affordability, accessibility, and inclusion 
in mind. Otherwise, innovations risk reinforcing digital divides rather than dismantling them. 
Inclusive AI development includes considerations for low-end devices, slow internet 
connections, and culturally relevant content, conditions that allow marginalized youth to thrive in 
an AI-driven world. 

 

AI for Environmental Monitoring, Disaster Resilience, 
and Climate Adaptation  
SDGs Impacted: 11, 13, 14, 15 
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Early Warning Systems and Climate Forecasting  

Artificial Intelligence significantly strengthens community resilience through predictive early 
warning systems that anticipate extreme weather events, natural disasters, and climate-sensitive 
disease outbreaks. By integrating environmental sensor data, public health records, and satellite 
imagery, AI models can detect patterns that precede disasters such as floods, droughts, and 
heatwaves. These tools enable health authorities and emergency planners to implement timely 
interventions that protect vulnerable populations. A systematic scoping review by El Morr et al. 
(2024) demonstrates that AI can forecast disease outbreaks like dengue and influenza with 
remarkable precision weeks or even months in advance, directly supporting SDG 13.1 and 13.3. 

AI also facilitates climate adaptation in low-resource regions, particularly in the Global South. 
Custom AI models tailored to local data contexts support grassroots initiatives by optimizing 
agricultural practices, predicting crop yields, and recommending drought-resilient crop varieties. 
In regions highly susceptible to climate volatility, such as Sub-Saharan Africa and South Asia, 
AI-enabled precision agriculture improves productivity and food security. AI can also forecast 
water demand and optimize irrigation systems, helping regions experiencing water stress adapt to 
changing precipitation patterns. 

AI-Powered Environmental Modeling and Policy Simulation  

AI-enabled policy modeling simulates long-term environmental outcomes of proposed 
legislation, urban planning initiatives, and conservation interventions. These simulations 
integrate fragmented datasets, from climate models to socio-economic indicators, to model 
complex interactions between ecosystems and human systems. This helps decision-makers 
visualize trade-offs and test multiple scenarios before committing to action. These capabilities 
not only reduce the risk of policy failure but also enhance transparency and community 
participation by making environmental forecasting accessible through visualizations. This is 
particularly valuable for inclusive climate action under SDG 13.  

In the context of SDG 15, AI tools that analyze environmental variables such as soil 
composition, topography, and climate trends are used to optimize agricultural practices, 
enhancing precision and scalability in sustainable land management. 

AI for Marine Ecosystem Conservation  

Marine AI tools help achieve SDG 14 by enabling real-time ocean waste detection, ecosystem 
modeling, and coral reef monitoring. Satellite-powered AI systems can scan vast ocean areas to 
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detect plastic waste clusters and illegal dumping, enabling faster enforcement and targeted 
cleanup efforts. These tools are used by organizations like The Ocean Cleanup to track pollution 
hotspots such as the Great Pacific Garbage Patch.  

AI also enhances oceanic ecosystem modeling by simulating ocean currents, acidification trends, 
and marine species distribution under different climate scenarios. The European Digital Twin 
Ocean integrates data from the Copernicus Marine Service and EMODnet to provide 
high-resolution ocean simulations that support forecasting of coral bleaching events and 
identification of potential refuge areas for marine species. Machine learning algorithms, trained 
on underwater images, have achieved high accuracy in detecting coral bleaching, allowing early 
intervention and targeted reef conservation efforts. 

AI in Urban Environmental Planning and Resilience  

In cities, AI supports environmental sustainability by optimizing green infrastructure, reducing 
urban heat islands, and promoting biodiversity through smart ecology planning. AI-powered 
systems can recommend native plant species for urban reforestation and landscaping by 
analyzing soil type, sunlight exposure, air quality, local biodiversity, water availability, and 
historical land use data. These systems are especially effective in adapting urban ecosystems to 
climate change while supporting ecological diversity and improving air quality. 

Emerging AI technologies are also revolutionizing city planning by scanning and mapping green 
space distribution to improve urban climate adaptability. Smart infrastructure systems integrate 
data from utilities, waste systems, and transportation to reduce emissions and increase resource 
efficiency. AI models that use high-resolution satellite imagery, local census data, and utility 
records are being used by planners as an early-warning system for informal-settlement growth. 

 

AI in Governance and Policy Innovation  
SDGs Impacted: 1, 16, 17 

 

Transforming Institutional Integrity through AI-Driven Fraud Detection and Oversight  

Artificial Intelligence is emerging as a powerful tool to bolster institutional integrity and support 
the objectives of SDG 16 (Peace, Justice, and Strong Institutions) by modernizing government 
oversight processes and enhancing accountability. AI applications in fraud detection are 
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revolutionizing how governments identify and respond to corruption. By processing massive 
datasets such as tax filings, public procurement records, and financial disclosures, AI systems 
can detect anomalies and patterns that may indicate fraudulent activity. These might include 
unusual bidding behavior, inflated invoices, or recurring vendor relationships across departments 
that are potential red flags for collusion or corruption. 

For instance, in Brazil, the AI tool Alice has been deployed to analyze procurement notices and 
contracts, generating alerts that have prompted audits and the suspension of suspicious tenders, 
thereby reducing investigation times and saving public funds. In the UK, HMRC’s Connect 
platform pulls data from more than 30 sources including credit files, property deeds, vehicle 
records, to expose gaps between declared income and real assets. Investigators also use AI tools 
to monitor social media in tax cases, making it harder for fraud to slip through the cracks. These 
systems have the dual advantage of speeding up audits while mitigating human bias, making the 
monitoring process more objective, data-driven, and scalable. When deployed transparently and 
ethically, such technologies significantly enhance public trust in governance. 

AI-Enabled Smart Aid Allocation and Global Partnerships 

SDG 1 (No Poverty) and SDG 17 (Partnerships for the Goals) benefit from AI’s ability to 
optimize how aid and resources are allocated, particularly in response to poverty and global 
crises. As demonstrated during the COVID-19 pandemic, AI-enabled data-sharing diplomacy 
played a pivotal role in accelerating vaccine development and coordinating global responses. 
This model of AI-facilitated scientific collaboration, where shared multi-omic datasets and 
predictive modeling streamlined vaccine design, is now viewed as a template for broader SDG 
implementation. These successes underscore AI’s potential to support joint policymaking, 
cross-border data integration, and real-time resource allocation for humanitarian aid and 
development initiatives. 

The integration of federated AI models also helps protect national data sovereignty while still 
enabling global collaboration. This is an essential consideration for countries with limited digital 
infrastructure or historical mistrust of data-sharing mechanisms. Such partnerships advance the 
policy coherence, technology transfer, and capacity-building goals of SDG 17 by creating 
interoperable, equitable frameworks for innovation. 

Inclusive Digital Governance and AI-Driven Civic Engagement 

One of the most promising applications of AI in governance lies in civic engagement. AI 
platforms leveraging natural language processing and real-time data analytics are enabling 
governments to perform “social listening” at an unprecedented scale. These platforms analyze 
public forums, social media, and surveys to surface emerging community concerns that might 
otherwise go unnoticed. This responsiveness is critical during times of crisis or civil unrest, 
where lagging traditional methods can exacerbate mistrust or instability. 
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AI tools that support multilingual processing and diverse communication formats help ensure 
broader participation across linguistic and cultural barriers. By amplifying marginalized voices, 
these technologies promote more equitable policymaking and strengthen democratic processes. 
The cumulative effect is a more agile, transparent, and accountable system of governance that 
aligns with the principles of SDG 16 and helps build trust between citizens and institutions. 

Democratizing Access to Justice through AI Chatbots and Legal Tools  

AI also plays a transformative role in expanding access to justice, especially in underserved or 
resource-constrained settings. A compelling example is Uganda’s BarefootLaw chatbot, 
“Winnie,” an AI-powered tool available in both English and local languages that has expanded 
free legal assistance to hundreds of thousands of people. The organization has served over 
940,000 individuals and resolved more than 18,000 legal cases, illustrating AI’s role in 
improving access to justice in underserved communities. This initiative illustrates how AI can 
democratize public services and reduce the dependence on centralized legal systems, supporting 
SDG 16’s mandate to ensure access to justice for all. 

However, successful deployment of such tools requires strong governance structures to ensure 
cultural sensitivity, linguistic inclusivity, and ethical oversight. Otherwise, there’s a risk of 
exacerbating disparities, particularly if AI systems are designed without community input or 
reflect historical biases. 

Across fraud detection, civic engagement, smart aid allocation, and legal access, AI is actively 
reshaping how governments interact with data, citizens, and each other. When grounded in 
transparency, equity, and global cooperation, AI serves not just as a digital tool but as a 
governance innovation engine. It enhances the agility, efficiency, and inclusivity of policy 
systems striving to achieve the ambitions of SDGs 1, 16, and 17.  

 

Bias & Discrimination in AI Systems  
SDGs Impacted: 5, 10, 16 

 

Gender Bias in Hiring and Language Models  

One of the most widely cited examples of algorithmic discrimination is Amazon’s now-defunct 
AI hiring tool, which systematically downgraded resumes from women due to historical patterns 
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in male-dominated hiring data. These systems, trained on biased past outcomes, can replicate the 
very exclusions they aim to eliminate. 

Beyond resume screening, AI recruitment tools have been found to discriminate against women 
who have taken career breaks for maternity leave, unfairly screening them out of opportunities. 
AI-powered platforms like Textio address this by analyzing job descriptions in real time, 
flagging gender-coded terms that could discourage applicants from underrepresented genders and 
suggesting inclusive alternatives. To avoid replicating bias, such systems must be trained on 
diverse datasets and guided by human oversight. 

Healthcare Inequities from Non-Inclusive Training Data  

AI applications in healthcare frequently underperform for women, particularly in diagnostics and 
treatment predictions. Many medical algorithms are trained predominantly on male datasets, 
leading to underdiagnosis of conditions like heart disease in female patients. Similarly, voice 
recognition systems, which are increasingly used in hospitals, mobile health apps, and elder care, 
often struggle to accurately interpret women’s voices, affecting both accessibility and quality of 
care.  

These discrepancies extend to transgender and nonbinary individuals, whose physiological 
markers and health needs are rarely accounted for in mainstream medical AI systems. Without 
inclusive datasets and training practices, AI not only replicates inequity but codifies it into the 
future of care. 

Racial Profiling in Criminal Justice Algorithms  

AI-driven tools in law enforcement have sparked concern for their role in deepening racial and 
socioeconomic inequalities. Predictive policing systems have been linked to the repression of 
minority groups and political dissent. Trained on historical arrest and patrol data, these systems 
can disproportionately target marginalized communities, while facial recognition and automated 
surveillance are used to monitor and intimidate protesters, eroding privacy and free expression 
both online and offline. 

Sentencing algorithms like COMPAS have also been found to systematically misclassify 
minority defendants as high-risk at far higher rates than white defendants, leading to biased 
outcomes in bail, parole, and sentencing decisions. These tools lack transparency and often 
operate without public oversight, making it nearly impossible for affected individuals to 
understand or challenge the decisions being made about them. 
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Opacity and Lack of Redress  

One of the greatest challenges in addressing algorithmic bias is the opacity of many commercial 
AI systems. Developed with proprietary data and methods, these models are often shielded from 
independent audits, making it difficult to identify and correct harmful biases. This lack of 
transparency not only hampers accountability but erodes public trust in institutions that rely on 
AI to deliver services or enforce laws. 

When individuals are harmed by such opaque systems, they are often left without meaningful 
avenues for explanation or appeal. Examples of disruptions to their livelihood include but are not 
limited to denied employment, having misdiagnosed, or wrongfully flagged by law enforcement. 
This directly undermines SDG 16’s call for effective, accountable, and inclusive institutions. 

 

Job Displacement & Labor Inequality 
SDGs Impacted: 1, 4, 8, 9  

 

Displacement of Low-Skilled Workers through Automation  

AI and automation are already transforming sectors like manufacturing, transportation, retail, and 
logistics. In many cases, low-skilled, repetitive jobs that are often held by economically 
vulnerable populations, are being replaced by intelligent machines and robotic systems. Unlike 
previous waves of automation, AI can now perform tasks that require decision-making, 
perception, and adaptability, placing a wider range of occupations at risk. 

In high-income countries, displaced workers may access retraining programs or shift to the 
service sector. But in the Global South, where informal employment makes up a large share of 
the economy and where social safety nets are limited, these shifts can push families into deeper 
poverty. Communities in Sub-Saharan Africa, South Asia, and Latin America face particularly 
acute vulnerabilities due to weak labor protections and limited infrastructure for reemployment. 

Unequal Access to Upskilling and Reskilling Opportunities  

AI-driven economic transitions demand rapid upskilling and digital literacy but access to these 
opportunities is highly unequal. In many developing nations, digital education infrastructure is 
limited, and AI curriculum is often inaccessible due to language, cost, or connectivity 
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constraints. Even within developed nations, access to AI-relevant education and job pipelines is 
stratified by race, gender, and income level. 

While innovation ecosystems are flourishing in urban centers and tech hubs, rural communities 
and low-income youth are being left behind. Without intentional investments in reskilling and 
inclusion, AI will further stratify labor markets between those who can build or operate 
intelligent systems and those who are replaced by them. 

Global South Exclusion from AI-Driven Growth  

Another risk is that the Global South may bear the brunt of job displacement without gaining 
from the productivity benefits of AI. As multinational corporations deploy AI to optimize global 
supply chains, many jobs previously outsourced to lower-wage countries are being re-shored to 
AI-driven factories in the Global North. This phenomenon not only displaces workers in 
developing economies but also undercuts one of their few competitive advantages in the global 
labor market. 

Automation could stifle economic mobility, particularly in countries where youth unemployment 
is already high. It is crucial to note the need for development aid and public-private partnerships 
that specifically aim to create new pathways to meaningful work in AI-adjacent sectors like data 
annotation, ethical auditing, or localized tech support.  

 

Environmental Costs of AI Infrastructure 
SDGs Impacted: 12, 13 

 

Carbon Emissions from Model Training  

Large language models and deep learning systems require vast computational resources to train 
and fine-tune. This process consumes significant amounts of electricity that is often sourced from 
fossil fuels and produces large carbon emissions. A single AI model can generate as much CO₂ 
as five average cars do over their entire lifetime. 

While more efficient models are being developed, the current AI race incentivizes scale over 
sustainability. As research institutions and corporations compete to build larger and more 
complex models, their environmental footprints continue to grow. This trend directly contradicts 
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the targets of SDG 13, which call for urgent action to combat climate change and improve 
institutional capacity for climate mitigation.  

Energy-Hungry Data Centers  

AI systems depend on data centers operating 24/7, often with intensive cooling and hardware 
demands. These centers account for a growing share of global electricity use and are frequently 
located in regions with limited renewable energy access. The centers that use water for cooling 
also puts stress on local ecosystems, especially in drought-prone areas. 

The environmental impact is not uniform. While tech companies in the Global North may claim 
partial carbon neutrality through offsets, the infrastructure burden often falls on regions in the 
Global South that host mining operations, power plants, or data routing facilities without 
receiving corresponding digital dividends. 

E-Waste from Rapid Hardware Obsolescence  

As AI models grow in size and complexity, they require increasingly powerful and specialized 
hardware (GPUs, TPUs, ASICs) that become obsolete at an accelerating pace. This fuels the 
cycle of short-lived electronics and contributes to the global e-waste crisis. 

Most e-waste ends up in landfills or informal recycling facilities in low-income countries, where 
hazardous materials like mercury and lead contaminate water and soil. This unsustainable 
production and disposal cycle undermines the targets of SDG 12, which call for environmentally 
sound management of chemicals and reduction of waste generation. 

Unequal Environmental Burdens Across the Global South  

The environmental costs of AI are not distributed equally. Many developing nations bear the 
brunt of mining, waste, and pollution from AI hardware without sharing in its benefits. From 
critical earth mineral extraction in Central Africa to informal recycling hubs in South Asia, the 
communities most affected by AI’s environmental externalities are often the least involved in its 
design, governance, or use. 

This ecological injustice calls into question the equity of the global AI ecosystem and highlights 
the need for climate justice frameworks that recognize digital infrastructure as a source of 
environmental harm and not just innovation. 
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Surveillance, Data Colonialism, and Governance Risks 
SDGs Impacted: 16, 17 

 

AI-Powered State Surveillance and Repression  

Authoritarian regimes are increasingly using AI technologies, particularly facial recognition, 
voice analysis, and predictive analytics, to monitor, track, and suppress political dissidents, 
journalists, and ethnic minorities. These tools, often developed by private companies and 
exported with minimal regulation, erode civil liberties and free expression. Democratic 
backsliding is being accelerated by the use of opaque AI tools that allow for invisible, 
unaccountable control. This directly undermines SDG 16’s commitment to inclusive, 
rights-based institutions. 

Digital Colonialism and Data Extraction from the Global South  

Data colonialism is the extraction of data from communities in the Global South to train AI 
systems that primarily benefit corporations or governments in the Global North. These models, 
developed without consent or input from the data subjects, are then commercialized and 
exported—often back to the regions from which the data was taken. 

This asymmetry mirrors historical patterns of colonial exploitation, now translated into the 
digital age. Countries in Africa, Latin America, and Southeast Asia frequently provide the raw 
material such as human behavior, language, and biometric data, without sharing in the 
innovation, ownership, or governance of the resulting AI technologies. The result is a growing 
imbalance in digital power, voice, and sovereignty. 

Lack of International Governance and Ethical Standards  

Despite the transnational nature of AI systems, there is little to no unified global framework 
governing their ethical development, deployment, or accountability. In the absence of binding 
international regulation, powerful nations and tech conglomerates set the rules that often sideline 
the voices of low and middle-income countries. This policy vacuum has created a Wild West of 
AI development, where oversight depends more on corporate self-regulation than democratic 
consensus. 
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Without mechanisms for cross-border accountability, AI will become a tool for digital coercion 
rather than cooperation. From voter suppression algorithms to deepfakes that undermine 
democratic elections, unregulated AI has already begun to destabilize trust in institutions. 
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Conclusion: Aligning AI with the SDGs  
Policymakers and governments play a decisive role in shaping the trajectory of AI development. 
To ensure AI serves the public good, they must begin by enacting robust legal frameworks and 
regulatory mechanisms that establish ethical guardrails, prevent harm, and mandate transparency 
across AI applications. National strategies should prioritize equitable data access and digital 
infrastructure expansion, particularly in the Global South, where many communities remain 
digitally excluded and underrepresented in AI training datasets. Public investment must also be 
directed toward the development of AI tools that serve collective needs, such as improving 
public health outcomes, advancing climate adaptation strategies, and enhancing access to quality 
education, rather than solely supporting private sector innovation. Governments must view AI 
not only as a matter of economic competitiveness, but as a vehicle for justice, service delivery, 
and inclusive development. 

The private sector and AI developers bear significant responsibility in determining how 
inclusive, sustainable, and ethical AI systems will be. Tech companies must adopt inclusive 
design practices that actively account for diverse populations, cultural nuances, and systemic 
biases in both data and deployment. Creating bias-aware algorithms should be foundational and 
not a retrofit. Just as critically, AI development must move beyond extractive or energy-intensive 
practices by embracing sustainability-by-design: minimizing carbon emissions, reducing 
hardware waste, and adopting greener machine learning methods. The private sector must make 
meaningful investments in tools that bridge linguistic and accessibility divides such as 
developing AI systems that serve low-resource languages, disabled users, and marginalized 
communities. Centering the needs of those historically left behind is not just a moral imperative 
but an innovation opportunity. 

Global institutions such as the United Nations, World Bank, and multilateral alliances have a 
unique mandate to lead and coordinate cross-border governance of AI. These institutions must 
help catalyze a globally coherent framework for AI ethics, oversight, and impact evaluation that 
goes beyond voluntary principles and commits to enforceable norms. They must also actively 
include youth, civil society, and representatives from low- and middle-income countries in all AI 
policy-setting and standard-development forums, ensuring the resulting frameworks reflect a 
plurality of lived experiences. Importantly, global institutions must address the growing 
imbalance in cross-border data flows and ownership by creating fair mechanisms for data 
sharing, value return, and digital sovereignty. Equitable AI governance cannot exist in the 
absence of equitable global partnerships. 

Civil society organizations and educators have a crucial role to play in equipping communities 
with the knowledge and tools needed to critically engage with AI. This begins with expanding 
access to digital literacy and AI education in historically excluded communities, urban and rural, 
North and South. Curricula must evolve to include not just how AI works, but how it impacts 



25 

privacy, equity, and power. Educators must also create opportunities for youth to explore 
algorithmic accountability through civic engagement, ethical design challenges, and policy 
simulation exercises. Meanwhile, civil society organizations should continue to demystify AI for 
the public by fostering open, community-informed dialogue about what these systems do and do 
not do. Only through informed and organized communities can we ensure AI systems serve 
human dignity over profit or control. 

Youth leaders and social movements must claim their place at the table, organizing at the 
intersection of technology, justice, and sustainability. This generation of youth is not simply 
inheriting AI; they are building it, shaping it, and pushing it to serve communities. Young people 
must continue creating spaces for dialogue with developers, demanding accountability from 
institutions, and disrupting exclusionary narratives about who gets to govern emerging 
technologies. From advocacy campaigns to open-source tools, youth must translate their lived 
experience into influence, guiding AI development toward inclusive outcomes that reflect the 
needs and hopes of their generation. As digital natives, their engagement is not optional, it is 
essential. 

The stakes of AI development are too high to be left to a few. As this paper has shown, AI 
intersects with every dimension of sustainable development, offering both solutions and risks. 
The future of AI will be determined not by technological capability alone, but by collective 
choices about how it is governed, designed, and distributed. The SDGs offer a shared roadmap 
for dignity, equity, and planetary well-being. Aligning AI with that roadmap is the challenge and 
the opportunity of our time. 
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Annex D: Methodological Detail 

This annex provides additional information on the design and implementation of the 
Conversation Circles and the broader research process. These details are meant to enhance the 
understanding of the methodology section of the paper. 

Conversation Circles 

At the heart of this initiative were 14 weekly virtual Conversation Circles, as seen in Annex C, 
held between March 5 and June 4, 2025, each dedicated to one or more of the 17 Sustainable 
Development Goals (SDGs). These sessions served as the primary mode of qualitative data 
gathering and were intentionally designed to center youth voices and grassroots lived 
experiences.  

Each Conversation Circle ran for 60 minutes and followed a semi-structured format rooted in 
restorative dialogue and culturally responsive inquiry practices. Facilitators opened with framing 
questions, encouraged equitable participation, and documented insights in real time. Academic 
research on dialogue-based approaches (e.g., Brown & Lallo, 2020; Chacon et al., 2023) 
highlights their value for surfacing diverse perspectives, a rationale that informed this design. 

SDG Coverage 

Each Conversation Circle was organized around a specific SDG. There was intentional overlap 
of SDG topics in three sessions. SDG 8 & 9 was linked by themes of economic growth, labor, 
and industry. SDG 14 & 15 focused on environmental ecosystems: marine and terrestrial. SDG 
16 & 17 were unified by themes of governance, partnership, and institutions.  

Participation 

A total of 14 circles covering 17 SDGs featured an average of 50 participants per session, 
drawing from UNA-USA chapters, youth-led NGOs and startups, student coalitions, and civil 
society organizations. A total attendance of 500+ took part in this unprecedented open dialogue 
initiative.  

Expert Contributions 

To guide these conversations, each panel featured 2 to 5 Subject Matter Experts (SMEs) 
including academics, industry professionals, technologists, and policy experts, who shared 
real-world perspectives on AI’s impact across their respective SDG domains. In total, 40+ SMEs 
contributed their experience and expertise across this research campaign. 
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Thematic Analysis and Additional Research 

Following each circle, facilitators compiled documents summarizing the key insights, 
stakeholder concerns, real-world case studies, and policy tensions raised in the dialogue. These 
summaries formed the raw analytical core of the research. 

These research documents were then reviewed through qualitative thematic analysis, identifying 
cross-cutting patterns across SDG discussions. Rather than treating each SDG in isolation, 
researchers began identifying recurring AI-related themes, such as predictive analytics, 
algorithmic bias, or governance challenges, that surfaced across multiple goals. This approach 
helped illuminate how certain AI dynamics operate systemically. 

After the formal research campaign concluded in June, the research team dedicated three weeks 
to desk research and synthesis. Insights from the Conversation Circles were cross-referenced 
with global data and real-world case studies from organizations such as the United Nations and 
its agencies, the World Bank reports and peer-reviewed academic literature. This step ensured 
that lived experiences were contextualized and supported by empirical evidence, grounding the 
paper in both community knowledge and institutional data. 

Originally, this paper was structured SDG by SDG, reflecting the organization of the 
Conversation Circles. However, analysis revealed a pattern consistent with prior research: AI’s 
impact does not conform to individual goal boundaries (Vinuesa et al., 2020). Recurring 
dynamics — such as data-driven efficiency, environmental cost, and labor displacement — 
emerged across multiple SDGs, linking them into broader societal, economic, and environmental 
domains. 

This realization led to a thematic consolidation approach: the research team reorganized the 
paper around eight AI-focused themes (four positive, four negative), each drawing from multiple 
SDG insights. This structure enabled a systems-level view of AI’s influence on global 
development while reducing redundancy and improving clarity.  

Limitations 

This paper was developed through a youth-led process that created space for dialogue and 
surfaced insights from a wide range of voices. At the same time, there are important limitations 
to acknowledge. The Conversation Circles engaged participants from different regions and 
sectors, but most were individuals with access to digital platforms and international networks. As 
a result, the perspectives of communities with limited connectivity or those often excluded from 
global conversations may not be fully represented here. 

The findings are also based on qualitative reflections and shared experiences rather than 
quantitative data. They point to emerging patterns and concerns but are not intended to serve as 
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statistically representative conclusions. The value of this process lies in surfacing lived 
experiences, practitioner knowledge, and youth perspectives that might otherwise be overlooked. 

In addition, the examples and references in this paper draw on a variety of sources, including 
peer-reviewed research, organizational reports, and practitioner case studies. This mix offers a 
broad view of how AI intersects with the SDGs, though the strength and type of evidence is not 
uniform across every theme. Finally, the scope of the project — covering all 17 Sustainable 
Development Goals within a 20-week timeline — allowed us to illustrate the interconnected 
nature of AI and sustainable development but necessarily limited the depth of exploration within 
each goal. 

By naming these limitations, the paper is positioned as a transparent foundation for further 
dialogue, research, and action, while underscoring the importance of continued youth-led 
contributions to global policy conversations. 
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